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Abstract—Legal documents are often lengthy and 

difficult to understand. This project leverages transformer-

based models like BART to generate concise summaries, 

making legal information more accessible and easier to grasp. 

The models are trained to extract key points while maintaining 

accuracy and context. This solution helps legal professionals, 

businesses, and researchers save time by quickly understanding 

complex legal texts without going through the entire document. 

Legal documents, such as contracts, court rulings, and 

regulatory filings, are often characterized by their length, 

complex language, and dense structure. This makes them 

challenging to read and interpret, especially for individuals 

without a legal background. To address this issue, our project 

utilizes advanced transformer-based models—specifically 

BART (Bidirectional and Auto-Regressive Transformers) to 

automatically generate concise, coherent, and contextually 

accurate summaries of legal texts. 
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1. INTRODUCTION 

 

1.1 Addressing the Legal Document Summarization Using 

BART 

Legal Document Summarization using BART 

represents a significant advancement in applying natural 

language processing (NLP) to the legal domain. Traditional legal 

documents are often dense, verbose, and filled with complex 

jargon that can be difficult and time-consuming to interpret. 

BART (Bidirectional and Auto-Regressive Transformers), 

developed by Facebook AI, is particularly well- suited for 

abstractive summarization—meaning it can generate new, 

concise text that captures the essence of the original document 

rather than simply extracting parts of it. This makes it ideal for 

summarizing legal materials like court judgments, case law, 

statutes, contracts, and regulatory filings. By fine-tuning BART 

on legal-specific datasets (such as court transcripts or legal case 

summaries), the model can learn to recognize and prioritize 

legally relevant information, like verdicts, key arguments, 

procedural history, and legal reasoning. This is especially useful 

for legal professionals who need to process and analyse large 

volumes of documents under tight deadlines. Clients also 

benefit, as they can receive more accessible explanations of legal 

documents in plain language. Furthermore, summarization tools 

like this can assist in legal research, automate report generation, 

and even enhance access to justice by making legal information 

more transparent and understandable to non-experts. 

BART, short for Bidirectional and Auto-Regressive 

Transformers, is a transformer-based neural network 

architecture developed by Facebook AI. What makes BART 

stand out from earlier models is its hybrid structure, combining 

the strengths of both bidirectional and autoregressive models. 

Bidirectional models like BERT are known for understanding 

the context of a word by looking at both the preceding and 

following text, which is crucial for interpreting legal language. 

Autoregressive models like GPT, on the other hand, excel in 

generating coherent and fluent text. BART merges these two 

capabilities, making it especially effective for tasks like 

summarization where both understanding and generation of text 

are required. 

1.2 Problem Statement 

The current legal document summarization process is 

largely manual, relying on the time-intensive efforts of legal 

professionals to read, interpret, and condense lengthy and 

complex legal texts. This approach is not only costly and 

inefficient but also susceptible to human error and 

inconsistencies. Traditional automated methods, including rule-

based and keyword-driven summarization techniques, often fall 

short in understanding the nuanced structure and specialized 

language of legal documents. These methods typically extract 

surface-level information without grasping the deeper context, 

resulting in summaries that may be incomplete, inaccurate, or 
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misleading. There is a critical need for an intelligent, automated 

system that can generate high-quality, context-aware summaries 

of legal documents to enhance efficiency, reduce workload, and 

support accurate legal decision-making. Expanding on the 

problem statement, the limitations of existing systems for legal 

document summarization highlight a broader issue in the legal 

industry: the growing demand for faster, more accurate 

information processing in an increasingly data-heavy 

environment. 

1.3 Objective 

The primary objective of Legal Document 

Summarization using BART is to develop an intelligent, 

automated system that can generate concise, coherent, and 

contextually accurate summaries of complex legal documents. 

This system aims to significantly reduce the time and effort 

required by legal professionals, researchers, and clients to 

comprehend lengthy legal texts such as case judgments, 

contracts, and legal reports. By leveraging the capabilities of 

BART—a powerful transformer-based language model 

designed for sequence-to-sequence tasks—the objective is to 

capture the essential meaning, legal arguments, and outcomes of 

a document while eliminating unnecessary complexity and 

redundancy. The goal is not only to improve efficiency and 

accuracy in legal workflows but also to enhance accessibility, 

enabling even non-experts to understand critical legal content. 

Ultimately, this summarization tool strives to support better 

decision-making, reduce legal research time, and foster greater 

transparency and clarity in the legal domain. 

At the core of this objective lies the BART model, which stands 

for Bidirectional and Auto- Regressive Transformers. BART is 

a transformer-based language model that combines the strengths 

of bidirectional models, like BERT, with those of autoregressive 

models, like GPT. This hybrid design makes BART highly 

effective for sequence-to-sequence tasks, particularly abstractive 

summarization, where the model is required to generate new, 

human-like text based on the content and meaning of an input 

passage. Unlike extractive summarization methods, which select 

and rearrange existing parts of the document, BART rephrases 

the original content, often improving readability and contextual 

flow. This approach is particularly well-suited for summarizing 

legal texts, where a clear and coherent presentation of facts, legal 

reasoning, and conclusions is essential. 

1.4 Scope of work 

The scope of the "Legal Document Summarization 

using BART" encompasses the development and deployment of 

an AI-based system that automates the summarization of 

complex legal documents using the BART language model. This 

project is designed to handle various types of legal texts, 

including case judgments, legal notices, contracts, and statutory 

reports, particularly within the Indian legal context. It focuses on 

enabling the system to accurately extract and condense key 

information while preserving the legal meaning, tone, and 

critical elements such as judgments, arguments, and legal 

references. The system is built to support both PDF and text file 

formats, making it accessible and practical for use in real-world 

legal environments such as law firms, courts, academic 

institutions, and legal tech platforms. The scope also includes the 

integration of a user-friendly frontend interface using Gradio , 

allowing users to upload legal documents, view summarized 

content, and download summaries in PDF format. The backend 

uses pre-trained models from Hugging Face Transformers, 

ensuring high-quality, abstractive summarization. While the 

initial focus is on English- language documents, the architecture 

is extensible and can later be adapted to support multiple Indian 

languages or specialized legal domains with further training and 

customization. Ultimately, the project aims to serve as a 

foundational step toward AI-driven legal document processing, 

improving efficiency, accuracy, and accessibility in the legal 

field. 

2. RELATED WORK 

The literature on legal document summarization 

highlights the growing need for automated solutions to manage 

the increasing volume and complexity of legal texts. Legal 

document summarization has been an important area of research 

in both legal studies and natural language processing (NLP). 

Over the years, researchers have developed different techniques 

to simplify and condense complex legal texts to make them more 

understandable and useful. 

The main goal has always been to reduce the time and 

effort required to read long legal documents while still keeping 

the important meaning and context. This literature review 

provides an overview of past approaches, their limitations, and 

how the BART model offers a modern solution to the challenges 

in this field. 

Earlier methods of summarizing legal documents relied 

heavily on manual efforts. Lawyers, paralegals, and legal 

assistants would read through documents and write summaries 

by hand. While this method can be accurate, it is extremely time-

consuming, expensive, and prone to human error. To improve 

this, researchers began developing rule-based and extractive 

summarization techniques. These methods work by identifying 

and extracting key sentences or phrases from the document, 

often based on the frequency of keywords or pre-defined rules. 

However, these methods often miss the deeper context and 

meaning behind the legal text. They do not rephrase or simplify 

the content, which means the summary can still be difficult to 

understand. 

As technology advanced, statistical models and 

machine learning approaches were introduced. These methods 

improved performance slightly but still lacked the ability to fully 

understand the structure and language of legal documents. For 

instance, legal texts often contain complex arguments, 

references to other cases, and conditional logic that require deep 

understanding. These older systems could not capture such 

depth. 

More recently, the development of deep learning 

models—especially transformer-based architectures like BERT, 

GPT, and BART—has opened up new possibilities for legal text 

summarization. These models are trained on vast amounts of text 

and learn to understand the structure, grammar, and meaning of 

language. Among them, BART (Bidirectional and Auto-

Regressive Transformers) stands out as particularly useful for 

abstractive summarization, where the model not only extracts 

information but also rewrites it in a concise and coherent way. 

BART combines the benefits of both auto encoding 

(understanding text) and autoregressive decoding (generating 

new text), making it very effective for summarization tasks. 

Studies have shown that BART-based models perform 

significantly better than traditional methods, especially for 

complex documents. When fine-tuned on legal datasets, BART 

can generate summaries that are legally accurate, easy to read, 

and retain the core meaning of the original document. For 

example, projects like Multi – LexSum provide high-quality 

legal datasets that help train models like BART specifically for 

legal summarization tasks. These models are now being used to 

assist lawyers, researchers, and clients in quickly understanding 

long case files, contracts, and legal opinions. 
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3. BART MODELS  

 

3.1 Existing Tools and Their Limitations 

Several existing tools leverage BART (Bidirectional 

and Auto-Regressive Transformers) for legal document 

summarization, but they come with notable limitations. BART-

based models such as Facebook’s BART or its fine-tuned 

variants (like Legal-BART) have shown promising results in 

summarizing legal texts due to their ability to understand and 

generate human-like language. The existing systems for legal 

document summarization have evolved significantly, 

transitioning from manual efforts and basic extraction 

techniques to advanced AI-based solutions. One of the most 

promising tools in this field is the BART (Bidirectional and 

Auto-Regressive Transformers) model, developed by Facebook 

AI. BART is a deep learning model that excels at abstractive 

summarization, which involves not just copying key sentences 

but actually understanding and rewriting content in a shorter, 

more meaningful form. This makes it ideal for summarizing 

complex and lengthy legal documents. 

Traditional systems, such as rule-based or keyword 

extraction methods, rely on fixed patterns, sentence structures, 

or word frequency to pull out relevant content. These systems 

often miss the deeper meaning of legal texts because they lack 

true language understanding. For example, they may extract 

important-looking sentences but fail to connect them logically or 

miss critical legal implications hidden in the context. 

In contrast, the BART model brings a major 

improvement by using transformer-based architecture, which 

understands the structure and semantics of text more deeply. In 

current implementations, such as the one used in this project, the 

pre-trained model "philschmid/bart-large- cnn-samsum" is 

utilized to summarize legal texts. This model is loaded using the 

Hugging Face Transformers library, which provides easy access 

to high-performance language models. 

One notable implementation is the use of fine-tuned BART 

models like Legal-BART. Legal- BART is specifically adapted 

for legal texts, often trained on datasets consisting of court 

decisions, legal case summaries, or regulatory filings. Fine-

tuning allows the model to better understand legal terminology 

and conventions. For example, it learns to identify and prioritize 

elements like case facts, legal issues, holdings, and procedural 

history. This leads to better performance compared to using 

generic pre-trained models, especially when the source text 

includes specialized jargon or complex legal arguments. 

BART, in contrast, uses a transformer-based sequence-to-

sequence architecture, which means it can be pre-trained on a 

massive corpus of text and then fine-tuned on specific domains 

such as legal documents. It encodes the entire input text into a 

high-dimensional representation and then decodes it into a 

shorter text that retains the original’s core ideas. This process 

allows the model to recognize patterns, reason about the 

importance of information, and generate language that aligns 

with human summarization practices. These features make 

BART highly effective for legal document summarization, 

where it is important not only to reduce length but also to 

maintain accuracy, preserve legal meaning, and provide 

coherent, readable output. 

GRADIO: Gradio is a Python library that provides an 

easy way to build user-friendly web interfaces for machine 

learning models. In the context of BART-based legal document 

summarization, Gradio is used to create an interactive frontend 

where users can upload legal documents (PDF or TXT), receive 

summarized content, and download the output as a PDF. With 

just a few lines of code, Gradio enables the integration of 

complex AI models into a simple and accessible web interface. 

This makes the summarization tool usable even by non-technical 

users such as lawyers or clients. It supports real-time 

input/output display, customizable components, and can be 

hosted locally or on the web, making it a powerful tool for quick 

deployment and demonstration of AI applications. 

FPDF: FPDF is a Python library used to generate PDF 

documents directly from code. In the BART- based 

summarization system, FPDF is employed to convert the 

generated text summary into a downloadable PDF file. Once the 

BART model produces a concise version of the legal document, 

FPDF takes this text, formats it with appropriate fonts and page 

structure, and saves it as a professional- looking PDF. This 

feature is especially useful in legal environments where hard 

copies or official digital documents are required. FPDF is 

lightweight, supports multiple fonts and layouts, and allows for 

full customization of the PDF’s appearance, making it a practical 

tool for converting summaries into shareable or printable 

formats. 

Pdfplumber: pdfplumber is a Python tool specifically 

designed for extracting clean and readable text from PDF 

documents. Legal PDFs often contain complex formatting, 

footnotes, columns, and scanned pages that make it difficult to 

extract raw text. Pdfplumber handles these challenges 

effectively by providing detailed access to each page's content, 

including text, tables, and layout structure. In the legal document 

summarization project, pdfplumber is used to read and extract 

the full content from uploaded legal PDFs before the BART 

model processes them. It ensures that the input to the 

summarization model is accurate and complete, which is crucial 

for generating meaningful and contextually correct summaries. 

3.2 Limitations with other models  

● Time-Consuming: Manual summarization by legal 

professionals takes a significant amount of time, especially 

for lengthy and complex documents like case files, contracts, 

and judgments. 

● High Cost: Employing legal experts to summarize documents 

increases operational costs, particularly in large-scale legal 

practices or firms handling massive volumes of data. 

● Human Error: Manual efforts are prone to mistakes such as 

omissions, misinterpretation of legal language, or 

overlooking critical information, which can affect legal 

outcomes. 

● Incompleteness: Extractive and keyword-based approaches 

may miss important details that are not directly stated but are 

implied within the legal reasoning, leading to summaries that 

are shallow or misleading. 

● No Rephrasing Ability: Unlike modern AI models, 

traditional methods cannot rephrase content into simpler 

language, making the summaries hard to understand for 

clients or non- experts. 

● Lack of Contextual Understanding: Traditional rule-based 

and statistical summarization methods often extract 

sentences based on surface features (e.g., keyword 

frequency), without grasping the deeper legal context or 

logical flow of arguments. 

 

4. PROCESS ANALYSIS 

4.1 Overview of Process 

This is designed to revolutionize the way legal 

documents are summarized by utilizing advanced artificial 

intelligence, particularly transformer-based models such as 

BART, which stands for Bidirectional and Auto-Regressive 

Transformers. These models are capable of understanding 

complex language structures and semantic meaning, making 

them highly effective for processing dense and technical legal 

texts. Unlike traditional summarization methods that depend on 

manually written rules or simple statistical techniques, this 

system employs deep learning to generate clear, coherent, and 

contextually accurate summaries. 
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The system is trained on specialized legal datasets, 

allowing it to recognize and preserve important legal terms and 

contextual relationships that are often missed by basic 

summarization tools. This ensures that the output remains 

legally sound and retains the original document’s intent and key 

points. By automating the summarization process, the system 

significantly reduces the time and effort required by legal 

professionals, who would otherwise need to read through long 

documents to extract relevant information. This not only 

increases productivity but also lowers operational costs, as there 

is less dependency on human resources for repetitive 

summarization tasks. 

The use of BART in the proposed system introduces a 

fundamentally different approach. BART, developed by 

Facebook AI, is a sequence-to-sequence model that combines 

the benefits of bidirectional context understanding with the 

ability to generate new text auto regressively. This means the 

model reads the entire input document in context—

understanding how each part relates to the others—before 

producing a summary that is not just a collection of sentences 

but a synthesized, fluent version of the original text. This makes 

it ideal for abstractive summarization, where the goal is not 

simply to extract pieces of the document but to recreate the 

meaning in a more concise and accessible format. 

Model Diagram of BART 

• Time-saving: By automating the summarization process, the 

system significantly reduces the time required to review 

long and complex legal documents. What would normally 

take hours of manual reading can now be done in minutes. 

• Improved accuracy and consistency: Unlike human 

summarizers who may miss important details or vary in 

interpretation, BART uses a trained model that produces 

consistent summaries while preserving critical legal context 

and terminology. 

• Cost-effective: The system reduces dependency on manual 

labor, which lowers the cost associated with hiring legal 

experts or assistants to read and summarize documents. 

• Handles complex language: BART is a transformer-based 

model capable of understanding and processing complex 

legal language, which traditional rule-based or keyword-

based methods struggle with. 

• Reduced human error: Since the summarization is handled 

by an AI model, the chances of errors due to oversight, 

fatigue, or misinterpretation are minimized. 

4.2 Advanced Usage 

One of the most valuable advanced uses is in legal 

research and case analysis. Lawyers and legal scholars often 

need to sift through large volumes of case law, judgments, and 

legal opinions to find relevant information. The summarization 

model can quickly condense these documents into concise 

summaries, allowing researchers to focus only on what is 

necessary. The system also helps in pre-trial preparations, where 

attorneys can review summarized versions of various case 

documents, reducing cognitive load and speeding up strategy 

formulation. 

Another advanced application is in contract 

management for businesses and corporations. Legal departments 

can use the system to summarize long contracts and agreements, 

helping stakeholders understand obligations, risks, and clauses 

without reading the entire document line by line. This is 

especially helpful in due diligence processes during mergers and 

acquisitions. 

In the context of legal research and case analysis, 

professionals are often required to review vast databases of legal 

texts. These include court judgments, case laws, statutory 

provisions, judicial opinions, legal briefs, and more. Each 

document can range from a few pages to hundreds, depending 

on the complexity of the case and the jurisdiction. Traditionally, 

legal research involved manually reading through these texts, 

annotating important sections, and drawing connections between 

multiple sources. This approach not only takes a significant 

amount of time but also demands an immense cognitive effort, 

especially when dealing with legal language that is dense, 

technical, and highly specific. Even with the aid of legal 

databases and keyword search tools, sifting through irrelevant 

content remains a challenge. 

4.3 Beneficiaries 

• Lawyers – Quickly review long case files and contracts. 

• Judges – Understand case summaries without reading full 

documents. 

• Paralegals – Save time on preparing legal briefs and notes. 

• Law Students – Learn complex cases faster through 

summaries. 

• Legal Researchers – Summarize large volumes of legal texts 

efficiently. 

• Corporate Legal Teams – Speed up contract and policy 

reviews. 

• Government Legal Departments – Analyze legal reports 

quickly. 

• Legal Tech Companies – Enhance their tools with AI-

powered summarization 
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